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Abstract

The rapid integration of artificial intelligence (Al) into financial advisory services has intensified debate
on whether Al systems could ultimately replace human financial advisors. While Al enhances analytical
precision and operational efficiency, it lacks the interpersonal understanding and contextual judgment
characteristic of human expertise. To evaluate public perspectives on this evolving dynamic, an unbiased
survey study was conducted to assess preferences, trust levels, and perceived effectiveness of Al-based
versus human financial advice. The findings indicate a strong inclination toward a hybrid model that
combines automated robo-advisory capabilities with human oversight. Respondents valued Al for its
accessibility and accuracy but emphasized the continued importance of human insight in interpreting
complex financial goals and providing personalized guidance. The results highlight that rather than full
substitution, the optimal trajectory for the industry lies in a collaborative model where Al augments, rather
than replaces, human advisors. This hybrid approach not only preserves the relational depth of traditional
financial advising but also leverages technological efficiency to enhance decision-making and investor
confidence.

Keywords — Artificial Intelligence (Al), Financial Advisory, Robo-Advisors, Hybrid Model, FinTech,
Human-AI Collaboration.

1. Introduction

The financial advisory landscape has undergone a rapid transformation driven by advances in artificial
intelligence (Al) and financial technology (FinTech). Over the past decade, Al-powered systems such as
robo-advisors have redefined how individuals and institutions manage investments, assess risks, and make
financial decisions. By automating advisory processes through algorithms and machine learning, these
digital platforms offer investors enhanced accessibility, cost-effectiveness, and consistency in portfolio
management [35]. The broader FinTech ecosystem, fuelled by data science and distributed systems, has
created a paradigm shift from traditional human-centred finance toward intelligent, automated, and
inclusive financial services [5]. This evolution has led to new forms of customer engagement and
personalized wealth management, positioning Al-driven advisory as a central feature of modern finance
[23].

Existing literature underscores both the benefits and challenges of Al integration in financial decision-
making. Researchers have emphasized the potential of robo-advisors to democratize wealth management
by providing algorithmic investment recommendations tailored to client profiles [36]. Studies have also
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shown that while Al improves analytical accuracy and efficiency, it introduces ethical and regulatory
challenges related to transparency, algorithmic bias, and data security [33][34]. Moreover, findings from
financial literacy and behaviour studies reveal that clients often prefer hybrid advisory systems, where
human expertise complements algorithmic precision, reflecting a psychological need for trust and empathy
in financial decisions [19]. The emerging consensus in literature suggests that explainable Al (XAI) and
human—AI collaboration models are essential for improving user trust, mitigating algorithm aversion, and
ensuring responsible adoption of financial automation [31].

Despite these advances, significant knowledge gaps remain. Much of the current research focuses on
technological performance, design frameworks, and regulatory aspects of robo-advisors, but limited
attention has been given to evaluating their efficiency from a behavioural and rational finance perspective.
The intersection between investor psychology, decision rationality, and algorithmic advisory effectiveness
remains underexplored. Moreover, few empirical studies employ a survey-based approach to assess how
users perceive efficiency, reliability, and satisfaction in hybrid versus fully automated advisory
environments [26]. Understanding these human—machine dynamics is crucial as financial systems move
toward more autonomous yet trust-dependent models of advisory interaction.

This research addresses that gap by developing a survey-based framework to evaluate the efficiency of
robo-advisory services through the lens of rational finance. The study examines how users interpret
performance, transparency, and trust when engaging with Al-driven financial tools and hybrid advisory
systems. By grounding the analysis in both behavioural and technological parameters, the framework aims
to bridge the disconnect between algorithmic sophistication and investor rationality. The overarching
objective is to provide a balanced assessment of how Al can enhance—but not entirely replace—human
financial judgment in advisory contexts. Ultimately, the findings are expected to contribute to the
development of ethical, efficient, and user-cantered Al financial systems that promote both rational
decision-making and inclusive financial growth.

2. Literature review:

The financial advisory landscape has undergone an unprecedented transformation with the emergence of
Financial Technology (FinTech) and Artificial Intelligence (Al) applications in wealth management. Early
FinTech research focused primarily on online banking and payment innovations, exploring how distributed
systems, blockchain, and digital ledgers could enhance efficiency, security, and inclusion across financial
operations [1], [15]. Over time, technological convergence with Al has enabled data-driven automation in
financial consulting, culminating in the rise of robo-advisors—digital platforms that use machine learning
and algorithmic intelligence to deliver investment guidance [35]. These Al-powered advisors democratize
access to financial expertise by reducing costs and improving scalability, thereby reshaping client
expectations and operational models within the financial services sector [36].

Scholars have examined the technological, behavioural, and ethical dimensions of Al integration into
finance. Recent studies emphasize that robo-advisors offer tangible benefits in terms of accuracy,
accessibility, and speed, yet challenges persist around transparency, explainability, and trust [31], [33], [35]
extended the service robot framework into financial advisory contexts, highlighting that while automation
enhances efficiency, human interaction remains essential for emotional understanding and contextual
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decision-making. Similarly, Li and [26] demonstrated how Al-driven personal financial consultants—
exemplified by platforms like JIMI and JD.com—enable more personalized and real-time services.
However, they caution that investor uncertainty and the dynamic nature of capital markets create
limitations for fully automated decision-making.

The behavioural finance perspective has also gained traction, emphasizing that financial literacy, digital
trust, and perceived risk shape user adoption of robo-advisory systems. The Bank of Italy’s 2023 survey
revealed that individuals with higher financial literacy are less inclined to rely solely on automated systems,
preferring hybrid advisory models that combine algorithmic accuracy with human empathy [19]. This
finding supports the emerging consensus that hybrid human—Al collaboration can mitigate algorithm
aversion and increase confidence in financial technology [31]. Furthermore, meta-analytic research on Al
and blockchain integration confirms that Al excels in predictive analytics and fraud detection, while
blockchain enhances transparency and risk control—both of which are vital for sustainable digital finance
[33].

Despite growing literature on Al-enabled financial services, a significant research gap persists regarding
how efficiency is perceived and measured from the end-user’s perspective. Existing studies are largely
theoretical or technology-centric, focusing on model performance or regulatory frameworks rather than
user-level experience and rational decision-making [30], [36]. Few empirical works have systematically
analysed how investors evaluate the efficiency, reliability, and trustworthiness of robo-advisors in practical
use. The need to integrate rational finance theory with user perception studies remains largely unmet,
leaving room to explore how human judgment interacts with algorithmic recommendation systems in real-
world advisory settings.

Addressing this gap, the present study introduces a survey-based framework to evaluate robo-advisory
efficiency through the lens of rational finance. By linking technological utility with behavioural realism,
it contributes to a more balanced understanding of AI’s role in financial advisory evolution. This approach
not only complements existing theoretical frameworks but also provides empirical grounding for the
development of hybrid advisory systems that align with both technological advancement and human
rationality.

3. Methodology
3.1 Research Design

This study adopted a quantitative survey-based research design to examine perceptions of robo-advisory
efficiency within the context of rational finance. Similar quantitative designs have been employed in prior
FinTech and Al-advisory studies to assess user trust, financial literacy, and hybrid advisory preferences
[19], [30], [35]. A total of 117 respondents participated in the survey, representing a diverse range of age
brackets and income groups. The survey approach was chosen for its ability to capture subjective attitudes,
behavioural tendencies, and comparative assessments toward automated and hybrid financial advisory
models [26]. This design facilitated the collection of quantifiable data that could be systematically
analysed to identify patterns and relationships among user perceptions, demographic variables, and
technology acceptance indicators [36].

AIJFR25051655 Volume 6, Issue 5 (September-October 2025) 3


http://www.aijfr.com/

Advanced International Journal for Research (AIJFR)

E-ISSN: 3048-7641 e Website: www.aijffr.com e Email: editor@aijfr.com

3.2 Materials and Dataset

Primary data were collected using a Google Form questionnaire, which served as the central instrument
for data acquisition. The structure of the form reflected validated approaches to measuring user experience
and perceptions in FinTech environments, ensuring data consistency and interpretability [30], [35]. The
form was designed to ensure clarity, neutrality, and accessibility across digital devices. It comprised both
closed-ended and scaled-response questions, allowing respondents to express their perceptions on
efficiency, trust, and satisfaction with robo-advisory systems. The dataset compiled through this form was
automatically organized within Google Sheets, ensuring accuracy in data entry and facilitating subsequent
import into analytical tools for processing and visualization [19].

3.3 Methods and Procedures

The survey form was distributed online via academic and social networks to reach respondents from
different age and income groups, following inclusive data collection strategies seen in previous studies on
Al-driven financial consultation [19], [26]. Participation was voluntary, and each participant was required
to read and accept an informed consent statement before beginning the survey. The data collection process
remained open for a fixed duration until a valid sample size of 117 was achieved. Responses were screened
for completeness and consistency, and incomplete submissions were excluded to maintain data integrity.
The overall procedure ensured inclusivity while minimizing sampling bias by targeting a heterogeneous
population with varied exposure to financial advisory services [30], [35].

3.4 Analytical Tools and Data Processing

Collected data were analysed using a combination of Gemini Al, Sci Space, Mendeley, Mendeley Cite,
and Edraws, similar to multi-tool approaches adopted in digital finance and Al evaluation studies [33],
[36]. Gemini Al assisted in statistical summarization and pattern detection within the dataset. SciSpace
facilitated literature-linked analysis to contextualize the findings within existing academic frameworks
[35]. Mendeley and its citation extension ensured accurate referencing and bibliographic management,
while Edraws was employed to generate schematic representations and graphical summaries of response
trends. Together, these tools enhanced analytical precision and reproducibility across all stages of
evaluation [30].

3.5 Ethical Considerations

This study adhered strictly to standard ethical research protocols consistent with digital financial behavior
studies [19], [31]. All participants were informed of the study’s purpose, procedures, and their rights prior
to participation. Informed consent was obtained digitally, and anonymity was preserved throughout the
research process. No financial incentives were offered, thereby reducing potential response bias [26]. Data
were securely stored and handled in compliance with institutional ethics guidelines and relevant data
protection standards. The research conformed to academic integrity norms and was conducted with
transparency, fairness, and respect for participants’ autonomy [35], [36].

4. Results and Discussion
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4.1 Results

Analysis of the survey data (n = 117) revealed a clear inclination toward hybrid financial advisory models
that combine algorithmic precision with human oversight. Approximately 68% of respondents selected
“Hybrid (Al + human oversight)” as either their preferred or expected dominant model within the next
decade. Only a small minority (around 12%) favoured a fully Al-powered approach, while 20%
maintained a preference for traditional human advisors.

Trust and explainability emerged as central themes in adoption attitudes. Over 75% of participants
emphasized that regulatory approval and algorithmic transparency would significantly increase their
willingness to trust Al financial advisors. Likewise, 82% of respondents rated explainable Al
recommendations as either very important or extremely important.

In terms of practical usage, respondents showed highest comfort using Al for basic portfolio management,
tax preparation, and investment research, while fewer endorsed Al for complex financial planning or risk
assessment. Across income brackets, participants earning above 10 lakh annually demonstrated slightly
higher trust in Al systems, suggesting financial literacy may correlate with Al acceptance.

When asked about the future of financial advisory roles, 59% predicted enhanced human—Al collaboration,
while 29% anticipated partial job displacement in the sector. Notably, the majority of financial
professionals in the sample echoed support for hybrid systems, reflecting an acknowledgment that Al
complements rather than replaces human expertise.

4.2 Discussion

The findings substantiate a growing consensus in literature that the future of financial advisory is hybrid,
balancing automation with human intuition. Similar patterns have been reported by, who found that clients
perceive Al-driven systems as efficient yet lacking emotional intelligence and trustworthiness. The Bank
of Italy’s 2023 survey [19] also demonstrated that while financial literacy improves receptiveness to
automation, most users still prefer the reassurance of human oversight.

This study’s results also align with Li and Chen [26], who noted that Al financial consultants offer 24/7
precision-based service but are limited in handling unpredictable market sentiment and personalized
financial reasoning. The high value placed on explainability and regulatory assurance observed in this
survey mirrors concern identified by Huang and Zhang [31], who emphasized transparency and
governance as prerequisites for widespread acceptance of generative Al in financial decision-making.
Moreover, the emphasis on ethical use and data security resonates with Petrova and Khanna [33], who
highlighted the dual need for accountability and data integrity in Al-blockchain integrated systems.

The preference for human—AlI collaboration rather than replacement reinforces the theoretical argument
advanced by Sharma and Rao [30], who envisioned robo-advisors as instruments of democratization, not
domination, of financial services. Similarly, Kumar and Verma [36] predicted that algorithmic advisors
would free human professionals to focus on strategic and relationship-driven tasks, a notion strongly
reflected in participant comments within this survey.

Nevertheless, limitations should be acknowledged. The modest sample size (n=117) restricts broader
generalization, and the reliance on self-reported responses introduces potential response bias. Additionally,
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the survey captures attitudes rather than actual behavioural adoption, which may differ in real-world
contexts. Future research incorporating longitudinal behavioural data and cross-regional sampling could
provide deeper validation of these trends.

4.3 Implications and Significance

This research reinforces that digital transformation in wealth management is best advanced through
human—AlI collaboration rather than substitution. The dominance of the hybrid model underscores a user-
driven demand for ethical, explainable, and human-cantered automation. Policymakers and financial
institutions should therefore prioritize the establishment of clear regulatory frameworks, algorithmic
transparency standards, and digital literacy programs.

From an academic standpoint, the study bridges a gap in current literature—most of which has remained
conceptual—by providing empirical evidence of user preferences and perceptual efficiency of Al in
financial advisory. Practically, the results highlight the necessity of balancing technological innovation
with human empathy, trust, and accountability.

Ultimately, these findings affirm that the future of financial advisory lies in augmentation, not
replacement—where Al serves as a rational assistant enhancing human decision-making, efficiency, and
inclusion within a transparent and ethically governed financial ecosystem.

This study set out to explore the evolving dynamics of robo-advisory systems with the specific aim of
achieving a balanced approach to portfolio management—one that harmonizes the analytical precision of
artificial intelligence with the contextual understanding of human advisors.

5. Conclusion

The results of the survey indicate a clear preference for the hybrid advisory model, where Al and human
expertise coexist in a complementary framework. Respondents valued the efficiency, accessibility, and
consistency that Al offers, yet they also recognized the irreplaceable human qualities of empathy, ethical
reasoning, and judgment. This dual preference demonstrates that financial technology, when designed
inclusively, can enhance rather than erode investor trust and decision quality.

A key novelty of this research lies in its empirical integration of rational finance theory with user
perception analysis. Unlike prior studies that primarily focused on the technological or algorithmic aspects
of robo-advisory systems, this work foregrounds the human dimension—the psychological and ethical
factors influencing user trust, satisfaction, and acceptance. By grounding its framework in real-world
perceptions across income and age groups, the study contributes a more holistic understanding of Al
adoption in financial advisory contexts.

However, certain limitations must be acknowledged. The relatively small sample size (n = 117) restricts
generalizability, and the reliance on self-reported data may introduce subjective bias. Additionally, the
study captures perceptual and attitudinal responses rather than longitudinal behavioural changes. Future
research should expand the demographic scope, employ behavioural tracking methods, and explore how
financial literacy and Al literacy interact to influence advisory preferences over time.
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In essence, this research reinforces that the future of financial advisory lies in augmentation, not
automation. The dominance of the hybrid model reflects a growing realization that sustainable digital
transformation in wealth management requires both technological transparency and human accountability.
For policymakers and institutions, the findings highlight the need to establish clear ethical and regulatory
standards for Al-driven financial services. For scholars, the study offers an empirical foundation upon
which future explorations of human—AlI synergy in finance can be built.

Ultimately, the work affirms that rational finance in movement depends not merely on algorithms that
optimize returns, but on systems that respect the rational, emotional, and ethical complexity of human
decision-making—ensuring technology serves as a tool for empowerment rather than replacement.
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